KAET 5 F R feik:. M AgentBench %] AutoGLM

Xiao Liu
2024 .11.06




What is LLM in essence?
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» LLM T{ERRE: —NERRIERELERE (CPU)
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Maintenance &
Elaborative

Sensory

Working
Memory

Capacity: 3 - 7 units
Duration: 0.5 to 3 seconds

Duration: 5 to 15 seconds
(without rehearsal)
F en
F n

Baddeley’s Model of Working Memory

Capacity: 7 - 9 chunks

Long-Term
Memory

Capacity: Infinite
Duration: Permanent

percept

LeCun, Yann. "A path towards autonomous machine intelligence
version 0.9. 2, 2022-06-27." Open Review 62.1 (2022).
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What we really want
» LALLM AhOSRBATTE RS (BRATLERE)

TRIzENF 2R REENIE Erais R

GLM HEE - Mainboard/PD (1 / S50 - 'Kernel Services (PIBR% -
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LLM 1 — . -
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MFBERIER G & WEM K% (Physical OS & loT)




LLM-as-Agent: XK1=

- KRB EBIFABEEEREN
N} PA
— Stanford Generative Agents: |

A  “Westworld” with 25
agents

— Auto-GPT: GitHub 32 _F2%r
=219 Al I

| -

Auto-GPT Public

An experimental open-source attempt to make GPT-4 fully
autonomous.




OpenAl's AGlI Roadmap

OpenAl Imagines Our Al Future

Stages of Artificial Intelligence

Level 1 Chatbots, Al with conversational language
. OpenAl o1
Level 2 Reasoners, human-level problem solving KRR
[ aois il ca s atirs | T2
Level 3 Agents, systems that can take actions (2025-2026)

Level 4 Innovators, Al that can aid in invention

Level 5 Organizations, Al that can do the work of an organization

source: Bloomberg reporting
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Phik: KRG ZERKIFEASE

* Missing A Systematic LLM-as-Agent Benchmark
— Tasks & Datasets: no standard tasks
— Models: no comprehensive coverage of LLMs

Real-world Mission
High-level goals

Multi-turn interactions

Planning & Reasoning

\

LLM-as-Agent

"

= 1
Environ !

-ment 1

Language i
Models

----------------------

Environments i

]
- [ ]
Interactive :

7~

Standard Evaluation

Diverse environments

Quantitative results

Unified prompting




» AgentBench: Evaluating LLMs as Agents (23.08, ICLR’ 24)

8 Distinct Environments




AgentBench:

Real-world Challenges

(Given MySQL APIs and existed tables)
Grade students over 60 as PASS in the rabfe

(On the GUI of Aquawar)
This is a two-player battle game, you are a
player with four pet fish cards ......

of turtle soup, and after finishing it, he

A man walked into a restaurant, ordered a bow/
committed suicide. Why did he do that?

A Y o
A AIREYFNES
(On an Ubuntu bash terminal)
Recursively set all files in the directory to
read-only, except those of mine.

i (Given Freebase APIs)
What musical instruments do Minnesota-
" born Nobel Prize winners play?

}

(In the middle of a kitchen in a simu!ator)
Please put a pan on the dinning table.

(On the official website of an airline)
Book the cheapest flight from Beijing to Los
Angeles in the last week of July.

ALN=pR

gpt-4 4.01
claude-3

glm-4 =
claude-2 :

gpt-3.5-turbo ;.2-32 Com mercial

text-davinci-003 LLMs
claude-instant
chat-bison-001
text-davinci-002 !
codellama-34b - : 0.96 ;
vicuna-13b - - 0.93 i
llama-2-70b - '..0.78 "
Ilama-2-13b . } 77
...... . 0SS LLMs
dolly- 12b 4u0.14
chatglm-6b +.0.11,
oasst-12b 40.03 : .
'Avg:0.51 'Avg:2.32
0 1 2 3 4

AgentBench Overall Score
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Phdk: AUAREKIRE
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o AFEMEEFEE: Mind2Web (B

Task Description:
Show me the reviews for the auto repair business closest to
10002.

Action Sequence:

L -

(BEfALEE

=1 37
LR ES

Webpage Snapshots:

mﬂh‘“". - . -

THE SN OF &
BETTER BUSINESS 4

Target Element

w

9.

0 N O N

[searchbox] Find

[button] Auto Repair

[textbox] Near

[button] 10002

[button] Search

[switch] Show BBB Accredited only
[svg]

[button] Sort By

[link] Fast Lane 24 Hour Auto Repair

10. [link] Read Reviews

=T——u
Operation S OO S SRS
TYPE: (- —

<input name="find_text"
CLICK type="search">
TYPE:
CLICK A
CLICK o : > Rracdoeid
CLICK _ = =

=] ey

CLICK =
CLICK - =
CLICK <button>Show BBB Accredited
CLICK only</button>

SSySEHE

PSR ERE

BETTER BUSINESS

- mﬁ'“. =

T N OF A

»
i ST S
L a

<em>Auto Repair</em>

m1 -

Category: Auto Repair

<span>Fast Lane 24 Hour Auto
Repair</span>

<a href="1ink:XXX">Read
Reviews</a>



AutoWebGLM: H £/ 71 3 M5 2 Ge 44

« MEXREBETERAT7ET
_ %)’( JI‘-"l*lj \Lt E;%Z %EQIKZF}]JL_RXJ J -I‘Jl =72 N
- I1Z
— H5C B% ﬁ:E\-;&MfQﬂ( =AM E1IEE THEK

: Curriculum Learning E Execute ‘ Webpages
' ~Iv

A
X
Ty
&
A

\

; ~  Source Data

- Learn to understand and / Element Selector

 manipulate webpages.

' H=—H Real world environment & :
i Open-source training set !
5 1 !

: : g A(fm Perception

! Hybrid Human-AI ! . Reinforcement Learning ; Screenshot, HTML
i Construction :- : Learn from its own mistakes. : 6 ( g \

i Manual Annotation /w LLM i ! i ; | Parse ,

g b S S g 4 . Rejection Sampling : : " OCR Tool,

3 . b ; : HTML Parser

. caaz=y Trace Collection | { SiEIg | AutoWebGLM

é E = _ »:, ! Sampling from virtual :-: Enhancing proficiency in : Observation
| V. ervirtient : i web environments. i k gqrsed H]TI\'][(L,
1 e U o R R B i S ! 1story, lask...
............. Data Constr“cﬁon ..,... Training ...
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« B—hE: BRESEUERS

« BMER: BERMIESEUES

complex task
60 (38.71%) web recognition

40 (25.81%)

1
g

AT
—
>.
L
—
+
>
=21
[umnym
&
N’

| simple task
T 42(27.1%)

......... Stage 1: Simple Tasks Construction Stage 2 Complex Tasks Construction
A e T LA AT T T T T e o ~ ’ )
i ) Web Recognition Tasks : Step1: click(‘B’) (Input area) )
i 4 Step2: type_string(‘B’,’latest
| | Task: What is the function of the : Macbook Air’) (Type and search)
‘ “Search Bar” Element? i T | Step3: click(‘A’) (Sort by: Featured)
t | Target: Its primary function is to : | Step4: click({‘K’) (Newest Arrival)
\ | assist users in searching for the ... | Step5: exit(‘$1,149.08’) D
{ ] S

‘, Template e e - Intent Generation by LLM

Construction r © Single-step Navigation Tasks 3
AT e e e : : : | 1! =) Tasks Manual ; ’
i e ; % i .
Y Lo || [ Operation: scrol_page(‘down’) B Annotation | : t';‘-l"t-l'c“g'l‘_( kBtg U“PUfhafea) »

. 1 | o

i| Tasks: What is the use I ] B Surces Fwnittovisse icee | ® Manual :. nten ick the search area before
|| of the "Search Bar"? ! 97| | details about this good. : Filter L
! ! i ; I . : .
| : i E Al Intent: I need to scroll down 1 ... : il 677 _:':_MH&GP- I T P———— =3
1 s 1 | i 1 AL 1 M = "
: Operaﬁons: E : : ()l)erﬂ[i{”]: type(‘search’, ‘Phone’) : [ latest Macbook? : Task: What's the price of the latest Macbook? :
i : ’
| scroll_page(‘down’) : : i | Source: Christmas is coming up : e HTML: ... <<input[B]|Search Amazon> ;
: , ! ' | and I want to buy a new phone. | 1 A A - S : <button[C]l<svg|>>><textlyour orders >... !
l I ; ' 111 ' | Operations: [(Stepl, Intentl)...
.\ | ! | | Intent: I need to search fora . j ' through this website.@llr : p [(Step Jois] :

e e e T I Y T T I T e e T e

e I e L R

Tainghia Universi



)IIZRHEZR

-

. = A — \\o — 7 42 /lAS
F3] -> DPO (miF=> -> BRI
« IREFY -> (M=) -> BRI
N\ N h
Step I: Curriculum Learning Step II: Reinforcement Learning Step III: Rejection Sampling Finetuning
Teach LM how to understand, Teach LM to learn from its own Enhancing proficiency through LM's
and manipulate on the Web. mistakes. self-play on the Web.
Base Model 0 S SFT Model g N DPO Model i
(ChatGLM3-6B) Self-Sample on the ﬁ?‘T Self-Play on the %
Stagc2 Training = |= - =5 Web Environment Du
- Data - / \ - / \
. : - ; - ; ' . . "
Stagel: Enable Golden Op. and Eoliah Model OnlineTrace: Conact Enbiaoli
LMs to Read and Model Op to Operqtion Qperqﬁon Pick Correct Trace Trace
Operate on the Form Contrastive 0 ° Trace (Using o o
Web N Data e Env Signal) e l ﬁ
~
: : - s - i i =) Train Model on RFT
. Stage2: To make — = . Train Model with DPO+SFT .
LMs learn to plan % : @ ‘ ‘( DPO+SFT Loss v ‘. o ™ Correct Trace % '. L o A\
& reason on Web v = = | | BN WS h» .J'
J
4 A 2 A ¥

%

(EEE;

Tainghiia University




7& _L—|:|7I<

« EHF ChatGLM3-6B jJl|Z

-

« £ Mind2Web, WebArena LI AutoWebBench #8itk GPT-4
. EEEHLERMR WebArena |, FOAREIREER

Cross-Task
(Mind2Web) AutoWebBench (EN)

72 0 75.0

Cross-Website

(Mind2Web) 69.0 ¢ 78.0 WebArena
b FJ

, Human
Performance

Cross-Domain MiniWob + +
(Mind2Web)

m=== GPT-3.5-Turbo (Prompted) ==== GPT-4 (Prompted) === AutoWebGLM
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T EHIGUIEREER
TS TERYIRIRT
- IR HEfn]E

INE. FEE
— ELSCREINERTT -
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M AR AT{THE
PR ERY

EGFIRH: =
IBET AR AP|

R ETAER
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. Task Add a contacts

X Create contact

&

Add photo

87654321

Labe
Mobile .

Phone

ADB Keyboard {ON)

' whose name is Xu, set
: the working phone...

Name. Xu
- Working phone number
- Mobile phone number

jopge]

Sub-Goals

- Enter: New income
- Cash: 8000

so00 (® E3

3:45 PM

O Scheduled
W Labels
=/ Status

Ei Salary -
Route

& 8 min
© 2700 Coast Avenue

F Bus Stop Route 51

EXPENSE INCOME TRANSFER

ADB Keyboard {ON)

sk: Record an income
of 8000 CNY in the

T
distance and time
ooks, and mark it as... b

w

ub-Goals:
- Driving distance
- Driving time

ELAB R

sk: Check the driving

&£
=

Pink Floyd

4:00..

Mon, Tue. Wed, Thu

stball ¢

Comfortably Numb

re Here

=

Start from my location
|

if Task: Sort Pink Floyd's || |
songs by duration time in | 10.30PM clock every |
descendlng order. i1 weekend, and label it... |

i Page: ARTISTS
+ Artist: Pink Floyd
- Order: Descending

- Time: 10:30PM
- Frequency: Weekend
- Label: ...




AndroidlLab: ZZBEIMEFOEENN

. QELEN%
- *UH%XM I—'fl:llu\iﬂ:l ’_ .......

set of-markFgi%, 4

G TZ_IZIS1:§§:$D *E it‘“_":T:????:t'_T:????:'_?TT:?'_TTTT'_T:?'_TT'_? ______ i"h?:_-_-‘-_-'-'-'-‘-'-;—'-‘-'-'-'-'-'-'-‘-'-'-'“i ir'“'é—-'-‘--'-?-'-T-'--'-'--'--‘-'--‘.?.‘.?.‘..‘.?.‘..‘.'..'.?.'..'.‘..‘.?.‘.t.'__-::__-_-__-_t_-:_-_é-nE
AAER= D EEMNGGIRE Operatnon Modes | Actions | 9 APPs |

..........................................................................................................................................

’\Ilﬂ 1%&/\%5&5&  Mutimodal  Textony |, o ) O D
i - . - — : : L ) : : :_Btue:;;ns___:_ Settings ) Clock J
SeeACtﬁ*EP]:EEE}:EEJ | Tenv;:)triiﬂ;:q!am: é ; \ press, - i i MAPS.ME Contacts | Pi Music... E
HAEVHEZE | [B4,209)289,303] || [ 4 .
. BT Ll . Swipe @ cf De\LfJi::e state
N e e e e e o L free
- X85 9/|\app, 138 ' Eﬂaﬁam’m] | Type = [ ——— s \
™MES, BREFHRN o L. 188Tasks 0 Metrics
SCRRMERT R | SoMsReAct | | XMLsRect | | Pes® [] | Setanalamfor SPMwiththe | . success Rate |
. . i =i & N ) i | apel mee |ng usmg oC | | . ;. E
- RIESIMM: BEErhg i (e @ Sowdtimecy | ouP G°‘j i“‘;cezs Ralg |
. SoM+SeeAct | XML+SeeAct | | Finish .| Sub-goal 2: label: meeting | | * Reversed Redundancy
%'lklu\‘ 1A REME E bE .| Sub-goal 3: alarm set . | « Reasonable Operation

=R AEEIIR L | e W o siisisonscsed j i ieasonable Lperation




AndroidLab: FEIEFR

g* ’? /—/\[ Q[ ?— 12:00 & 3Gl 1200 § 3G.4i0 12:00 @ 3G .4l 307 © G40
¢ EE $: E 2
Save : X Create contact Save : = Search contacts : @

= Search contacts : u] %X Create contact =
— P S T RN 2 =
FST BRI -y . @
A o ABA =y - Y - A o A
hJ > Add photo L= Add photo e
jg EJZIjJ . . ‘ Type: John Type: 12345678 .
& | Joh e & | John Lz
— L o Li e = J g ! John
. FEFEME: BESRS : —F
RENFEIF, SR A= =7
SN SWE, [ =
Mobile ‘ Mobil ‘

. TR HBHERUR S : E
BEAKBRIBEOKE, Em B ;
BRI TR, s = -

. BEREE: SR

| Task A - . L e
=AY 9:7"&]:5:'.1? (;z ’ L Edi ;click long-click !  |Edi sl ~click !
! Add John as a contacts and !  EditText ;clic ong-click | 1EditText ;click long c11ck: i
ﬂEZEI:I I:IIE, UXXIZA< I:I | L5RR 82 sadobn | ey 551 (234) 567-8 : s

 set his mobile phone number |

AR FRXIE) MARSIE, | ©78 L ot Namedom

; . .Sub-goal 3: Successful finish[%2 I

......................................

| Sub-goal 2: Phone: 12345678[%!




AndroidlLab: FGEE

X0t TEE !
o FUBEIEEITR Mode Model SR Sub-SR  RRR  ROR
ZHTE = GPT-40 25.36 30.56 107.45 86.56
1£zj Ef-’- Iﬁ?ﬁ@ GPT-4-1106-Preview 31.16 38.21 66.34 86.24
S EETES Gemini-1.5-Pro 18.84 22.40 5772 83.99
— " Gemini-1.0 8.70 10.75 51.80 71.08

N VAN
AId:’T'E*D&g‘—‘L KM GLM4-PLUS 27.54 32.08 92.35 83.41
j:b/\\/ll_-l > LLaMA3.1-8B-Instruct 2.17 3.62 - 52.77
H~ Qwen2-7B-Instruct 4.35 4.95 - 67.26
FELLMFILMMERAZE 7812 15% __GLM4-9B-Chat = __ 725 206 5443 5834
MR LA QiR BE W wa  wms
+ WEn.s- = § . " .
= [~ N \

- BRNFFREREER 9 pt- -408E GLM4-9B-ft 21.01 26.45 74.81 93.25
GPT-40 31.16 35.02 87.32 85.36
25 LLM-before-SFT LMM-before-SFT GPT-4-Vision-Preview 26.09 29.53 99.22 78.79
” - HiM-afterstT Gemini-1.5-Pro 16.67 18.48 10595  91.52
9 Gemini-1.0 10.87 12.56 72.52 76.70
%15 SoM Claude-3.5-Sonnet 28.99 32.66 113.41 81.16
= Claude-3-Opus 13.04 15.10 81.41 83.89
g10 CogVLM2 0.72 0.72 2 17.97
3 LLaMA3.2-11B-Vision-Instruct 1.45 1.45 - 50.76
i ~_Qwen2-VL-7B-Instruct 362 45 - 848l
G Llama-3.1- GLM-4- Qwen2- Qwen2-VL- CogVLM2 Llama-3.2- CogVLMZ'ft 11.59 16.06 57317 85.58
8B-Instruct 9B-Chat 7B-Instruct 7B-Instruct 11B-Vision SoM+SFT LLaMA3.2-11B-Vision-ft 10.14 12.98 61.67 87.85
(b) Success Rates of before and after fine-tuning by Android Instruct. Qwen2-VL-7B-Instruct-ft 18.12 22.64 65.23 88.29

(RS
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Hhbk: EEINR AT EdE T+ S BeiARe

o YIEAESFIEUEARARE
- EENTIAMEEE RIEHEIRANNER T Y, XFPRESTTENIIZRES
)| ZR B8RRI SR B E RS 7 XIS T I BRI E ) |24k,
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WebRL: [ 1k 7 R AL 3k, 2 51 77

- BIFME: BRI SINGEL), KERSKRITAGE, XM EHINMEL IR S, alSHRES
BN SRIRBES IR FESEHIEMES, NEXEER)ISMES A EMBINBRSIER IRV 8EME

. E?ﬁ%ﬂ%@lﬁbﬁﬁ!: ‘Eiifﬂlléﬁ\—ﬁ\ﬁﬁ ZCIERIREIREL, SREDIRHSESHIRIIRE
« KL B ELRMRIEESR: BHLEREFITEPLIRIZIAIRIS R
- BHMRINERERX: RESRBANR, LREREREETHNGE, XERARESEEIEEBER LI,

thLEEE&/T EIJ 1ER o
i . ~ H
- ™ i
Interact) [ Rollout Agent Trajectories Self- N
; [©>00 ﬁx(Task 1: Distance from CMU to PIT by car. ——— | Evolving " % 837
€® o i (Cll-::k [5)-@croll Dowr}(Back}* +m i 1 Tasks i
': W LB 30 -
ﬁ "R ‘"'"“"""""':.'.'.' """""""""""""" = oI =0
: M rTask N: Add a red jacket to my wish list. | Critic Joé'cr | @
I - > ate ©  25-
1152 | ||| G- Gre s et - I CLETL0) s iy 1) _Fieredbe
A e I T Y —— ,. SFT
. _ W e
= N Actor Confidence Filteredj 012345678
o
L ( Experience Replay Buffer )] Experience Replay s s




WebRL: Bt
FEMEESEAEIGRM, TEMEER

v
E V) % o) - - - - -
Fieve the "Ship-to Name" details ) { eve the "Purchase Date" details 1

¢ BJ‘\EE.IJl —/J)\

[ | for orders with a status of | for the 8 orders with the highest :

'Completed’ that have the lowest 1 transaction values that are currently |

transaction values between April 1, l pending, placed between March 1, 1
Retrieve the "Purchase Date” details 2022, and May 30, 2022. ) ' 2022, and April 30, 2023. 5

for the B orders with the highest

transaction values that are currently | =  —
pending, placed between March 1, Compare the largest transaction )
2022, and April 30, 2023. values of orders between March 1,
Fetch "Order Quantity" from the 2022, and April 30, 2023, for those srenes
report on best-selling products - currently pending and those that
between October 1st and 31st, s \hhave been completed. Y,
2022, for the year. ———
=) ,5 COW)-———————m———— .
| Aequire "Order Quantity” from the i Fetch "Order Quantity” from the |
J best-selling items report between I report on best-selling products !
\ = | January 1, 2022 and January 31, |  between October 1st and 31st, :
| 2022, with a yearly interval. 1 2022, for the year. I
I S e s e e e >
I )
I i e i T i e [ I
| ] L [ I\ I
Phase 1 Phase 2 Phase 3 Phase 4

Figure 8: Examples of instructions generated in different phases under self-evolving curriculun
learning.

(ET

Tainghiia University



. LR IKER: = FF
WebRL: —|:|7|<u|11 %Eb*ﬁ:&
. EREETED, BBE RIS = T ARAES

+ BTRZREIMSHIRIR, FHDIEGT— LLM AFAEREERMERE ORM, LIBZ)
A TES RTINS

- 0 TR, 1 =D

Table 3: Evaluation on output-supervised methods (baselines adopted from (Pan et al.
|%)) Our ORM, without accessing proprietary GPT-4, performs the best among all.

£ ]

Our ORM (8B) GPT-4 Captioner + GPT-4 GPT-4V
Test Dataset (%) 80.8 71.9 72.6 71.2
Rollout (%) 79.4 11.2 13.3 70.5




WebRL: KL 8 EZIRAIRISEFT

£ i%“?ijﬂﬁij%ﬂlﬂ FrFRIRIRAT eSS, BB BT ESRE AR ERAIEEER
%ﬁ%ﬂxllﬂm_o A, 1E Iﬂ%ﬁﬁ&&qﬂ FEZRASWERIERAIIERR, REREHEZRTE
ZERIVHEEES. EERNZRHIEREEZSHERIIKRN, SHFESERINRF, HLIER,

Bl it T — T KLURHASREREFFFER, UEEREEARRSmERRR, EATNT:

Actor

T
(1) H}%XEINP(ILGtNWG('|St) IVZ (T(St,(bt,f) +Blog7rref(at|8t:j)) Jr,@%(ﬂ'@) (5) ﬁl M T(‘gt*ata-l) 3 V*(St—i-la-[) . V*(St) — A*(st,at,I)
t=0

Wret(at|'5t 1)

mg(als, I) . :
Eu (ﬁ]ogm - A (S,CL, I))
mg(als, I)

ef( | I)

e
update direction KL dlvcrﬂcnce constraint sft loss

* — Q7 (styae,I)=V™(s¢,1))/B
(2) 7 (a¢|se,I) =€ (6) L(mg) =

. s¢yap, I) + Blog mes(ag|se, I) + V*(sg41, 1), if s441 is not terminal
(3) Q(st,ar,1) = _ . . )
"(s¢,ae, I) + Blog met(at|se, I), if ;41 is terminal

r(
r(
7 (a¢lst, I)
I)

Tlref (at ’St

7) Vgﬁ(mg)=—23E,,[(A*(s,a,1)—ﬁlog )Vglogmg(a| )}

(4) [ﬂog = 1(8¢,a¢, 1)
Critic

(8) L(V)=-E, [T(ST,CLT,I) logV(s,a,I)+ (1 —r(sp,ar,I))log(l —V(s,a, I))]

(9) A(sg,ae, I) = Mr(s,ae, I) + V(ses1, I) — V(sg, 1)) + (1 = N (r(s7, a7, I) — V (s, I))




WebRL: 3L5645 H

« WebRL fEAN R M R —3, Llama3.1-8B 7£ WebRL 1%, “FiyuE
R3] 42.4%; GLM-4-9B t0 I 7 AHULEHERe S, &3] | 43% B~ FHi#E
T, WEAH T WebRL [ 4 fdk v

» WebRL £ 5 R A 47 BHAH 2%, Llama3.1-70B 7&£ WebRL JI1Z5 /5 1~
IR RIE ] T 49.1%, KKHEIE GPT-4 13RI

GLM-4+WebRL 1 ]
GLM-4+DigiRL 1 ]
GLM-4+AWR 1 ]
GLM-4+Filtered BC 1
GLM-4+SFT 1
GLM-4-Chat{——1
AutoWebGLM
WebPilot+GPT-40 1 ]
AWM+GPT-4-0613 1 ]
GPT-4-Turbo 1 1

GPT-4o Proprietary LLMs
0 10 20 30 40 ~se— GLM-4+WebRL —8— GLM-4-SFT ~% - GLM-4+AWR
Success Rate (%) —4— GLM-4-Chat —— GLM-4+Filtered BC --+-- GLM-4+DigiRL

N

N

, Open-sourced LLMs

(a) Performance comparison between proprietary (b) Performance changes of GLM-4-9B
LLMs and open-sourced LLMs on WebArena-Lite. trained with WEBRL and baseline methods.
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